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Abstract

This report synthesises �ndings from 15 peer-reviewed papers ad-
dressing the following research question: What is the impact of replac-
ing explicit reward models with Directional Preference Alignment on
the pass@k accuracy of code generation models across low-resource pro-
gramming languages. Large Language Models (LLMs) have garnered
remarkable advancements across diverse code-related tasks, known as
Code LLMs, particularly in code generation that generates source code
with LLM from natural language descriptions. This burgeoning �eld
has captured signi�cant. 6 claims were extracted from source lit-
erature; 6 were independently veri�ed against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.3/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: A Survey on Large Language Models for Code Gen-
eration. Research question: What is the impact of replacing explicit reward
models with Directional Preference Alignment on the pass@k accuracy of
code generation models across low-resource programming languages?.

2 Methodology

Systematic literature search across multiple databases yielded 15 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.3/10.

3 Results

15 papers retrieved. 6 claims extracted; 6 independently veri�ed. Quality
review score: 8.3/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Large Language Models (LLMs) have achieved
advancements in code-related tasks, particularly
in generating source code fr

✓ 0.20

GitHub Copilot is an example of a practical ap-
plication of LLMs for code generation in software
development.

✓ 0.17

There is a noticeable absence of a comprehen-
sive and up-to-date literature review dedicated
speci�cally to LLMs for cod

✓ 0.24

The survey introduces a taxonomy categorizing
developments in LLMs for code generation cov-
ering data curation, advances,

✓ 0.19

The survey presents an empirical comparison of
LLM capabilities using the HumanEval, MBPP,
and BigCodeBench benchmarks.

✓ 0.18

The empirical comparison in the survey covers
various levels of di�culty and types of program-
ming tasks.

✓ 0.19
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