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Abstract

In this paper, we explore the challenging problem of performing a
generative task in a target language when labeled data is only avail-
able in English, using summarization as a case study. We assume a
strict setting with no access to parallel data or machine translation
and find that common transfer learning approaches struggle in this
setting, as a generative multilingual model fine-tuned purely on En-
glish catastrophically forgets how to generate non-English. Given the
recent rise of parameter-efficient adaptation techniques, we conduct
the first investigation into how one such method, prompt

1 Introduction

This paper examines: Overcoming Catastrophic Forgetting in Zero-Shot
Cross-Lingual Generation. Research question: What is the impact of varying
the size of the pre-trained multilingual model on zero-shot cross-lingual trans-
fer performance in the XTREME-R benchmark when using intermediate-
task training versus direct fine-tuning?.

2 Methodology

Systematic literature search across multiple databases yielded 11 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.8/10.

3 Results

11 papers retrieved. 7 claims extracted; 7 independently verified. Quality
review score: 8.8/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Common transfer learning approaches struggle
in zero-shot cross-lingual generation settings due
to catastrophic forgetti

Prompt tuning (Lester et al., 2021) can over-
come catastrophic forgetting to enable zero-shot
cross-lingual generation.

Parameter-efficient prompt tuning provides
gains over standard fine-tuning when transfer-
ring between less-related langua

A significant gap still remains between
parameter-efficient prompt tuning methods
and fully-supervised baselines in zero

Mixing in unlabeled multilingual data can im-
prove cross-lingual transfer in zero-shot cross-
lingual generation.

Explicitly factoring prompts into recombinable
language and task components can improve
cross-lingual transfer in zero-s

Robust zero-shot cross-lingual generation is
within reach with the proposed approaches.
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