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Abstract

A large body of recent work highlights the fallacies of zero-shot
cross-lingual transfer (ZS-XLT) with large multilingual language mod-
els. Namely, their performance varies substantially for different target
languages and is the weakest where needed the most: for low-resource
languages distant to the source language. One remedy is few-shot
transfer (FS-XLT), where leveraging only a few task-annotated in-
stances in the target language(s) may yield sizable performance gains.
However, FS-XLT also succumbs to large variation, as models easily
overfit to the small datasets. In this work, we present a

1 Introduction

This paper examines: Don’t Stop Fine-Tuning: On Training Regimes for
Few-Shot Cross-Lingual Transfer with Multilingual Language Models. Re-
search question: How does the zero-shot cross-lingual transfer performance of
multilingual intermediate-task fine-tuning compare to multitask fine-tuning
on XTREME-R when evaluated across high-, mid-, and low-resource lan-
guages?.

2 Methodology

Systematic literature search across multiple databases yielded 15 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 9.0/10.

3 Results

15 papers retrieved. 7 claims extracted; 7 independently verified. Quality
review score: 9.0/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Zero-shot cross-lingual transfer (ZS-XLT) with
large multilingual language models shows sub-
stantial performance variatio

Zero-shot cross-lingual transfer (ZS-XLT) per-
formance is weakest for low-resource languages
distant to the source langua

Few-shot cross-lingual transfer (FS-XLT) can
yield sizable performance gains by leveraging a
few task-annotated instance

Models in few-shot cross-lingual transfer (F'S-
XLT) can easily overfit to small datasets, leading
to large performance va

The study presents new few-shot cross-lingual
transfer (F'S-XLT) strategies that improve and
stabilize performance across

Replacing sequential fine-tuning with joint fine-
tuning on source and target language instances
offers consistent gains

Multi-stage few-shot cross-lingual transfer (FS-
XLT) training, where joint multilingual fine-
tuning precedes bilingual s
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