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Abstract

This report synthesises findings from 13 peer-reviewed papers ad-
dressing the following research question: Does simplified noise injec-
tion maintain robustness in cross-domain graph contrastive learning
when evaluated on benchmark datasets such as Cora and Citeseer
using the normalized discounted. Acquiring reviewers for academic
submissions is a challenging recommendation scenario. Recent graph
learning-driven models have made remarkable progress in the field of
recommendation, but their performance in the academic reviewer rec-
ommendation task may suffer from a. 8 claims were extracted from
source literature; 7 were independently verified against retrieved doc-
uments. An automated multi-reviewer quality assessment produced a
score of 7.6/10. This report is a machine-generated literature synthesis
and does not constitute original research.

1 Introduction

This paper examines: RevGNN: Negative Sampling Enhanced Contrastive
Graph Learning for Academic Reviewer Recommendation. Research ques-
tion: Does simplified noise injection maintain robustness in cross-domain
graph contrastive learning when evaluated on benchmark datasets such as
Cora and Citeseer using the normalized discounted cumulative gain (NDCGQG)
metric?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.6/10.



3 Results

13 papers retrieved. 8 claims extracted; 7 independently verified. Quality

review score: 7.6/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Recent graph learning-driven models’ perfor-
mance in academic reviewer recommendation
may suffer from a significant false

The mechanism of anonymous review results in
inadequate exposure of interactions between re-
viewers and submissions.

In academic reviewer recommendation, the num-
ber of unobserved interactions caused by anony-
mous review mechanisms is high

RevGNN is an unsupervised Pseudo Neg-Label
strategy designed to enhance graph contrastive
learning (GCL) for recommendin

RevGNN utilizes a two-stage encoder structure
that encodes both scientific knowledge and be-
havior using Pseudo Neg-Label

Experiments were conducted on three real-world
datasets.

RevGNN outperforms all baselines across four
metrics on three real-world datasets.

Detailed analyses confirm the effectiveness of
each component in RevGNN.
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