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Abstract

This report synthesises findings from 4 peer-reviewed papers ad-
dressing the following research question: How does Mul-GAD’s per-
formance on heterophilic graph anomaly detection compare to recent
state-of-the-art semi-supervised GNN methods when evaluated on bench-
mark datasets like OGB and TuSimple using. Convolutional neural
networks (CNNs) are usually built by stacking convolutional opera-
tions layer-by-layer. Although CNN has shown strong capability to
extract semantics from raw pixels, its capacity to capture spatial rela-
tionships of pixels across rows and columns of an image. 10 claims were
extracted from source literature; 9 were independently verified against
retrieved documents. An automated multi-reviewer quality assessment
produced a score of 8.7/10. This report is a machine-generated litera-
ture synthesis and does not constitute original research.

1 Introduction

This paper examines: Spatial as Deep: Spatial CNN for Traffic Scene Un-
derstanding. Research question: How does Mul-GAD’s performance on het-
erophilic graph anomaly detection compare to recent state-of-the-art semi-
supervised GNN methods when evaluated on benchmark datasets like OGB
and TuSimple using AUC metrics?.

2 Methodology

Systematic literature search across multiple databases yielded 4 papers. Claims
were extracted from source material and verified against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 8.7/10.



3 Results

4 papers retrieved. 10 claims extracted; 9 independently verified. Quality

review score: 8.7/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Traditional CNNs have limited capacity to cap-
ture spatial relationships of pixels across rows
and columns compared to th

Traffic lanes are often occluded or not painted
on the road surface.

Spatial CNN (SCNN) generalizes traditional
deep layer-by-layer convolutions to slice-by-slice
convolutions within featur

SCNN enables message passing between pixels
across rows and columns within a single layer.
SCNN is particularly suitable for long continu-
ous shape structures or large objects with strong
spatial relationships bu

SCNN was applied to a newly released traf-
fic lane detection dataset and the Cityscapes
dataset.

SCNN outperforms the RNN-based ReNet by
8.7% on the lane detection dataset.

SCNN outperforms MRF+CNN (MRFNet) by
4.6% on the lane detection dataset.

SCNN achieved 1st place on the TuSimple
Benchmark Lane Detection Challenge.

SCNN achieved an accuracy of 96.53% on the
TuSimple Benchmark Lane Detection Challenge.

v

0.24

0.21

0.35

0.14

0.30

0.16

0.19

0.23

0.18

0.18




References
e https://doi.org/10.1609/aaai.v3211.12301
e https://doi.org/10.1109/wacv.2018.00163

e https://doi.org/10.48550/arxiv.1702.08502


https://doi.org/10.1609/aaai.v32i1.12301
https://doi.org/10.1109/wacv.2018.00163
https://doi.org/10.48550/arxiv.1702.08502

