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Abstract

This report synthesises findings from 16 peer-reviewed papers ad-
dressing the following research question: Does increasing the num-
ber of negative samples in adversarial contrastive learning improve
cross-lingual transfer efficiency for rumor detection when evaluated on
multilingual question answering. 7 claims were extracted from source
literature; 7 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.5/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Rumor Detection on Social Media with Graph Adver-
sarial Contrastive Learning. Research question: Does increasing the number
of negative samples in adversarial contrastive learning improve cross-lingual
transfer efficiency for rumor detection when evaluated on multilingual ques-
tion answering benchmarks?.

2 Methodology

Systematic literature search across multiple databases yielded 16 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.

3 Results

16 papers retrieved. 7 claims extracted; 7 independently verified. Quality
review score: 8.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Verified Confidence

Rumors spread through the Internet, especially v 0.30
on Twitter, have harmed social stability and res-
idents’ daily lives.

Most rumors with salient features can be quickly v 0.31
locked by graph models dominated by cross en-

tropy loss.

Conventional models may lead to poor general- v 0.39

ization, and lack robustness in the face of noise

and adversarial rumors, or

The proposed Graph Adversarial Contrastive v 0.36
Learning (GACL) method introduces con-

trastive learning as part of the loss fu

An Adversarial Feature Transformation (AFT) v 0.34
module is designed to produce conflicting sam-

ples for pressurizing the model

These adversarial samples are also used as hard v 0.31
negative samples in contrastive learning to make

the model more robust a

Experimental results on three public benchmark v 0.32
datasets prove that the GACL method achieves

better results than other st
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