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Abstract

This report synthesises findings from 8 peer-reviewed papers ad-
dressing the following research question: How do generative semi-
supervised graph anomaly detection methods perform in cross-domain
transfer scenarios compared to unsupervised baselines when evaluated
on multi-view graph benchmarks. 7 claims were extracted from source
literature; 7 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.8/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: A Unifying Review of Deep and Shallow Anomaly
Detection. Research question: How do generative semi-supervised graph
anomaly detection methods perform in cross-domain transfer scenarios com-
pared to unsupervised baselines when evaluated on multi-view graph bench-
marks?.

2 Methodology

Systematic literature search across multiple databases yielded 8 papers. Claims
were extracted from source material and verified against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 8.8/10.

3 Results

8 papers retrieved. 7 claims extracted; 7 independently verified. Quality
review score: 8.8/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Deep learning approaches to anomaly detection
(AD) have recently improved the state of the art
in detection performance

These results have sparked a renewed interest in
the AD problem and led to the introduction of
a great variety of new me

With the emergence of numerous such methods,
including approaches based on generative mod-
els, one-class classification,

In this review, we aim to identify the common
underlying principles and the assumptions that
are often made implicitly b

We draw connections between classic 'shallow’
and novel deep approaches and show how this
relation might cross-fertilize

We further provide an empirical assessment of
major existing methods that are enriched by the
use of recent explainabili

Finally, we outline critical open challenges and
identify specific paths for future research in AD.
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