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Abstract

This report synthesises findings from 15 peer-reviewed papers ad-
dressing the following research question: Does expert-level sparsity in
Mixture-of-Experts models maintain robustness on multimodal evalu-
ation suites such as ScienceQA or MMMU compared to full-parameter
inference. 6 claims were extracted from source literature; 6 were inde-
pendently verified against retrieved documents. An automated multi-
reviewer quality assessment produced a score of 8.7/10. This report is a
machine-generated literature synthesis and does not constitute original
research.

1 Introduction

This paper examines: Large language models (LLMs): survey, technical
frameworks, and future challenges. Research question: Does expert-level
sparsity in Mixture-of-Experts models maintain robustness on multimodal
evaluation suites such as ScienceQA or MMMU compared to full-parameter
inference?.

2 Methodology

Systematic literature search across multiple databases yielded 15 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.7/10.

3 Results

15 papers retrieved. 6 claims extracted; 6 independently verified. Quality
review score: 8.7/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Large language models (LLMs) like GPT-4,
BARD, PaLM, Megatron-Turing NLG, and
Jurassic-1 Jumbo have contributed to our u
LLMs have been applied in diverse fields includ-
ing text generation, vision-language models, per-
sonalized learning, biome

The paper offers a detailed introduction and
background on LLMs, facilitating a clear under-
standing of their fundamental

Key language modeling architectures are dis-
cussed in the paper.

The paper surveys recent works employing LLM
methods for various downstream tasks across dif-
ferent domains.

The paper assesses the limitations of current
approaches and highlights the need for new
methodologies and potential dir
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