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Abstract

This report synthesises �ndings from 12 peer-reviewed papers ad-
dressing the following research question: How does the robustness of
Deepseek R1 to interference in LoRA-based �ne-tuning compare to full
�ne-tuning when evaluated on the MBPP benchmark in terms of ac-
curacy and latency. Recently, the instruction-tuning of large language
models is a crucial area of research in the �eld of natural language
processing. Due to resource and cost limitations, several researchers
have employed parameter-e�cient tuning techniques, such as LoRA,
for instruction. 18 claims were extracted from source literature; 0
were independently veri�ed against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 3.2/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: A Comparative Study between Full-Parameter and
LoRA-based Fine-Tuning on Chinese Instruction Data for Instruction Fol-
lowing Large Language Model. Research question: How does the robustness
of Deepseek R1 to interference in LoRA-based �ne-tuning compare to full
�ne-tuning when evaluated on the MBPP benchmark in terms of accuracy
and latency?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 3.2/10.
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3 Results

12 papers retrieved. 18 claims extracted; 0 independently veri�ed. Quality
review score: 3.2/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.
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5 Extracted Claims

Claim Veri�ed Con�dence

The study utilized three training dataset scales:
0.6M, 2M, and 4M samples.

× 0.05

The math_0.25M dataset was selected to ver-
ify if LoRA-based tuning after instruction tuning
improves performance in math

× 0.12

The evaluation set consists of 1,000 manually
screened data entries.

× 0.02

The evaluation set covers nine categories: trans-
lation, Open QA, closed QA, generation, and
other tasks.

× 0.04

The 'Other' category in the evaluation set con-
tains math and code data types.

× 0.03

The base experimental models used were
LLaMA-7B and LLaMA-13B.

× 0.07

Full-parameter �ne-tuning used bf16 precision,
3 epochs, a batch size of 32, and a learning rate
of 5e-6.

× 0.07

LoRA-based tuning used fp16 precision, 4
epochs, a batch size of 128, and a learning rate
of 2e-4.

× 0.06

The LoRA experiment set the rank to 8 and ap-
plied LoRA to attention weights and all linear
layers.

× 0.04

The experiments were conducted on 8 NVIDIA
A100-40GB GPUs.

× 0.01

ChatGPT (gpt-3.5-turbo) was used to evaluate
model responses with a score between 0 and 1.

× 0.02

The temperature was set to 0.001 for model gen-
eration during evaluation to reduce randomness.

× 0.02

Evaluation was performed using the gpt-3.5-
turbo API on April 15, 2023.

× 0.03

Overall performance was derived using macro
average across the nine task categories.

× 0.03

The evaluation set distribution includes 285
Open QA samples and 113 samples in the Others
category.

× 0.04

The study concluded that the choice of the base
model has a signi�cant impact on the e�ective-
ness of LoRA-based tuning

× 0.12

The study concluded that increasing the amount
of training data continuously improves the
model's e�ectiveness.

× 0.05

The study concluded that LoRA-based tuning
bene�ts from the number of model parameters.

× 0.124
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