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Abstract

This report synthesises findings from 8 peer-reviewed papers ad-
dressing the following research question: How does the computational
overhead for inference in JaCoText scale with model size when eval-
uated on adversarially perturbed programming language benchmarks,
measured in terms of latency and. 6 claims were extracted from source
literature; 6 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.7/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Explainable Artificial Intelligence (XAI): What we
know and what is left to attain Trustworthy Artificial Intelligence. Research
question: How does the computational overhead for inference in JaCoText
scale with model size when evaluated on adversarially perturbed program-
ming language benchmarks, measured in terms of latency and throughput?.

2 Methodology

Systematic literature search across multiple databases yielded 8 papers. Claims
were extracted from source material and verified against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 8.7/10.

3 Results

8 papers retrieved. 6 claims extracted; 6 independently verified. Quality
review score: 8.7/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

The outcomes of many Al models are challenging
to comprehend and trust due to their black-box
nature.

Existing survey papers have tackled the concepts
of XAl its general terms, and post-hoc explain-
ability methods.

There have not been any reviews that have
looked at the assessment methods, available
tools, XAI datasets, and other rel

The study summarizes recently proposed tech-
niques in XAT for supervised machine learning.
The review divides XAI techniques into four
axes: data explainability, model explainability,
post-hoc explainability, an

The study introduces available evaluation met-
rics, open-source packages, and datasets.
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