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Abstract

Because it is not feasible to collect training data for every language,

there is a growing interest in cross-lingual transfer learning. In this

paper, we systematically explore zero-shot cross-lingual transfer learn-

ing on reading comprehension tasks with a language representation

model pre-trained on multi-lingual corpus. The experimental results

show that with pre-trained language representation zero-shot learning

is feasible, and translating the source data into the target language is

not necessary and even degrades the performance. We further explore

what does the model learn in zero-shot s

1 Introduction

This paper examines: Zero-shot Reading Comprehension by Cross-lingual
Transfer Learning with Multi-lingual Language Representation Model. Re-
search question: How does the scaling of model size (e.g., 7B vs. 13B vs.
30B parameters) a�ect the transfer bene�ts of intermediate-task training on
zero-shot cross-lingual performance in XTREME-R?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.5/10.

3 Results

12 papers retrieved. 10 claims extracted; 7 independently veri�ed. Quality
review score: 7.5/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Multi-BERT �ne-tuned on English and tested on
Chinese achieves competitive performance com-
pared with QANet trained on C

✓ 0.23

English training data is generally better than
Chinese data when translated into the same lan-
guage, with one exception (

✓ 0.26

The quality and size of the dataset are more im-
portant than whether the training and testing
are in the same language.

✓ 0.15

RC on languages other than English has been
limited due to the absence of su�cient training
data.

× 0.12

Existing RC datasets for Chinese and Korean are
not su�cient for every language due to the high
annotation e�orts req

✓ 0.15

The setup of transfer learning, especially zero-
shot learning, is of extraordinary importance for
RC in low-resource lan

✓ 0.21

Existing methods of cross-lingual transfer learn-
ing on RC datasets often rely on machine trans-
lation (MT).

✓ 0.20

High-quality MT models may not be available
for low-resource languages.

× 0.14

This paper leverages pre-trained multilingual
language representation, such as multi-BERT,
for cross-lingual zero-shot R

✓ 0.20

Multi-BERT is �ne-tuned on the training set in
the source language and tested in the target lan-
guage.

× 0.15
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