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Abstract

This report synthesises findings from 10 peer-reviewed papers ad-
dressing the following research question: How does the pass@k metric
for Directional Preference Alignment compare to RLHF on the Hu-
mankEval benchmark when scaling model parameters from 13B to 175B.
We introduce ChatGLM, an evolving family of large language models
that we have been developing over time. This report primarily fo-
cuses on the GLM-4 language series, which includes GLM-4, GLM-4-
Air, and GLM-4-9B. 10 claims were extracted from source literature;
9 were independently verified against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 8.5/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: ChatGLM: A Family of Large Language Models from
GLM-130B to GLM-4 All Tools. Research question: How does the pass@k
metric for Directional Preference Alignment compare to RLHF on the Hu-
mankval benchmark when scaling model parameters from 13B to 175B7.

2 Methodology

Systematic literature search across multiple databases yielded 10 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.

3 Results

10 papers retrieved. 10 claims extracted; 9 independently verified. Quality
review score: 8.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

The GLM-4 language series includes GLM-4,
GLM-4-Air, and GLM-4-9B.

GLM-4 models are pre-trained on ten trillion to-
kens.

The pre-training corpus for GLM-4 consists
mostly of Chinese and English, with a small set
from 24 other languages.

GLM-4 alignment was achieved via a multi-stage
post-training process involving supervised fine-
tuning and learning from

GLM-4 closely rivals or outperforms GPT-4 on
the MMLU, GSM8K, MATH, BBH, GPQA, and
HumanEval benchmarks.

GLM-4 performance on instruction following
(measured by IFEval) is close to that of GPT-4-
Turbo.

GLM-4 matches GPT-4 Turbo (128K) and
Claude 3 on long context tasks.

GLM-4 outperforms GPT-4 on Chinese align-
ment tasks as measured by AlignBench.

The GLM-4 All Tools model can autonomously
decide when and which tools to use, including
web browser, Python interpreter

In practical applications involving web browsing
and math problems, GLM-4 All Tools matches
or surpasses GPT-4 All Tools
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