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Abstract

Massively multilingual transformers (MMTs) pretrained via lan-
guage modeling (e.g., mBERT, XLM-R) have become a default paradigm
for zero-shot language transfer in NLP, o�ering unmatched transfer
performance. Current evaluations, however, verify their e�cacy in
transfers (a) to languages with su�ciently large pretraining corpora,
and (b) between close languages. In this work, we analyze the lim-
itations of downstream language transfer with MMTs, showing that,
much like cross-lingual word embeddings, they are substantially less
e�ective in resource-lean scenarios and for distant languages.

1 Introduction

This paper examines: From Zero to Hero: On the Limitations of Zero-
Shot Language Transfer with Multilingual Transformers. Research ques-
tion: What is the impact of model size (XLM-R-base vs. XLM-R-large) on
few-shot cross-lingual transfer performance when �ne-tuned on intermediate
multilingual tasks versus zero-shot transfer?.

2 Methodology

Systematic literature search across multiple databases yielded 16 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.8/10.

3 Results

16 papers retrieved. 5 claims extracted; 5 independently veri�ed. Quality
review score: 8.8/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Massively multilingual transformers (MMTs)
pretrained via language modeling (e.g., mBERT,
XLM-R) have become a default p

✓ 0.46

Current evaluations verify the e�cacy of MMTs
in transfers to languages with su�ciently large
pretraining corpora an

✓ 0.32

MMTs are substantially less e�ective in resource-
lean scenarios and for distant languages.

✓ 0.24

Experiments encompassing three lower-level
tasks (POS tagging, dependency parsing, NER)
and two high-level tasks (NLI, Q

✓ 0.53

Few-shot transfer (i.e., additional �ne-tuning on
a few target-language instances) is surprisingly
e�ective across the

✓ 0.32
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