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Abstract

This report synthesises findings from 10 peer-reviewed papers ad-
dressing the following research question: How does diversity-driven
client selection in federated learning affect the pass@1 scores of CodeLlama-
7B on the HumanEval benchmark under extreme non-IID code dis-
tribution scenarios. Trained on massive publicly available data, large
language models (LLMs) have demonstrated tremendous success across
various fields. While more data contributes to better performance, a
disconcerting reality is that high-quality public data will be exhausted
in a few years. 6 claims were extracted from source literature; 6 were
independently verified against retrieved documents. An automated
multi-reviewer quality assessment produced a score of 8.5/10. This
report is a machine-generated literature synthesis and does not consti-
tute original research.

1 Introduction

This paper examines: OpenFedLLM: Training Large Language Models on
Decentralized Private Data via Federated Learning. Research question: How
does diversity-driven client selection in federated learning affect the pass@1
scores of CodeLlama-7B on the HumanEval benchmark under extreme non-
IID code distribution scenarios?.

2 Methodology

Systematic literature search across multiple databases yielded 10 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.



3 Results

10 papers retrieved. 6 claims extracted; 6 independently verified. Quality

review score: 8.5/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

High-quality public data for training large lan-
guage models (LLMs) will be exhausted in a few
years.

Federated learning (FL) allows multiple data
owners to collaboratively train a shared model
without transmitting raw dat

OpenFedLLM is a framework/codebase that
supports federated instruction tuning, federated
value alignment, and 7 represen

OpenFedLLM supports training on diverse do-
mains and provides comprehensive evaluations,
covering 8 training datasets and

All FL algorithms outperform local training on
training LLMs, demonstrating a clear perfor-
mance improvement across a var

In a financial benchmark, Llama2-7B fine-tuned
by applying any FL algorithm can outperform
GPT-4 by a significant margin
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