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Abstract

We present W.A.L.T, a transformer-based approach for photoreal-
istic video generation via di�usion modeling. Our approach has two
key design decisions. First, we use a causal encoder to jointly compress
images and videos within a uni�ed latent space, enabling training and
generation across modalities. Second, for memory and training e�-
ciency, we use a window attention architecture tailored for joint spatial
and spatiotemporal generative modeling. Taken together these design
decisions enable us to achieve state-of-the-art performance on estab-
lished video (UCF-101 and Kinetics-600) and image

1 Introduction

Analysis of: Photorealistic Video Generation with Di�usion Models. Re-
search goal: How does the choice of LoRA rank in cross-attention layers
in�uence the trade-o� between FVD and LPIPS scores across di�erent tem-
poral consistency metrics in Wan2.1 I2V-14B?.

2 Methodology

Multi-query arXiv search (1 parallel queries, Relevance-sorted). TF-IDF
cosine semantic veri�cation (bigrams, threshold=0.15). NIM nv-embedqa-
e5-v5 (dim=1024) for semantic indexing. Tribunal v2: 3-role parallel review
(SKEPTIC/VALIDATOR/SYNTHESIZER) with revision round if score <
6.5.

3 Results

6 papers retrieved. 12 claims extracted, 8 veri�ed. Tribunal: 7.2/10 $\rightar-
row$ REVISE (revision_round=1). Policy: ESCALATE_TO_OWNER.

1



4 Uncertainties

NIM free tier latency varies. TF-IDF veri�cation is a weak signal. arXiv
Relevance ranking is query-dependent. Tribunal consensus is LLM-based
and prompt-sensitive.

5 Extracted Claims

Claim Veri�ed Con�dence

W.A.L.T is a transformer-based approach for
photorealistic video generation via di�usion
modeling.

✓ 0.34

W.A.L.T uses a causal encoder to jointly com-
press images and videos within a uni�ed latent
space.

✓ 0.27

The uni�ed latent space in W.A.L.T enables
training and generation across modalities.

✓ 0.19

W.A.L.T uses a window attention architecture
tailored for joint spatial and spatiotemporal gen-
erative modeling.

✓ 0.27

W.A.L.T achieves state-of-the-art performance
on the UCF-101 video generation benchmark.

✓ 0.16

W.A.L.T achieves state-of-the-art performance
on the Kinetics-600 video generation benchmark.

✓ 0.16

W.A.L.T achieves state-of-the-art performance
on the ImageNet image generation benchmark.

× 0.10

W.A.L.T achieves state-of-the-art performance
without using classi�er-free guidance.

✓ 0.19

A cascade of three models was trained for text-
to-video generation using W.A.L.T.

× 0.15

The text-to-video cascade consists of a base la-
tent video di�usion model and two video super-
resolution di�usion model

✓ 0.31

The text-to-video cascade generates videos at a
resolution of 512x896.

× 0.09

The text-to-video cascade generates videos at 8
frames per second.

× 0.15
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