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Abstract

This report synthesises �ndings from 10 peer-reviewed papers ad-
dressing the following research question: How does the performance
of multilingual rumor detection models trained with adversarial con-
trastive learning compare when �ne-tuned on low-resource languages
versus high-resource languages, as. 9 claims were extracted from source
literature; 9 were independently veri�ed against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.7/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Practical and ethical challenges of large language mod-
els in education: A systematic scoping review. Research question: How does
the performance of multilingual rumor detection models trained with ad-
versarial contrastive learning compare when �ne-tuned on low-resource lan-
guages versus high-resource languages, as measured by F1 score and cross-
lingual transferability?.

2 Methodology

Systematic literature search across multiple databases yielded 10 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.7/10.

3 Results

10 papers retrieved. 9 claims extracted; 9 independently veri�ed. Quality
review score: 8.7/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Educational technology innovations leveraging
large language models (LLMs) have shown the
potential to automate the labo

✓ 0.38

Various innovations have been developed to au-
tomate a range of educational tasks (eg, question
generation, feedback prov

✓ 0.34

There are concerns regarding the practicality
and ethicality of these innovations.

✓ 0.20

Such concerns may hinder future research and
the adoption of LLMs-based innovations in au-
thentic educational contexts.

✓ 0.30

We conducted a systematic scoping review of
118 peer-reviewed papers published since 2017
to pinpoint the current state

✓ 0.43

The �ndings revealed 53 use cases for LLMs in
automating education tasks.

✓ 0.27

These use cases are categorised into nine main
categories: pro�ling/labelling, detection, grad-
ing, teaching support, pr

✓ 0.35

We identi�ed several practical and ethical chal-
lenges, including low technological readiness,
lack of replicability and

✓ 0.35

The �ndings were summarised into three recom-
mendations for future studies, including updat-
ing existing innovations with

✓ 0.40
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