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Abstract

This report synthesises �ndings from 1 peer-reviewed paper ad-
dressing the following research question: What is the robustness of
CLAM's latent action representations when tested on out-of-distribution
Robomimic tasks compared to discrete token baselines. 10 claims were
extracted from source literature; 9 were independently veri�ed against
retrieved documents. An automated multi-reviewer quality assessment
produced a score of 7.4/10. This report is a machine-generated litera-
ture synthesis and does not constitute original research.

1 Introduction

This paper examines: ViPRA: Video Prediction for Robot Actions. Research
question: What is the robustness of CLAM's latent action representations
when tested on out-of-distribution Robomimic tasks compared to discrete
token baselines?.

2 Methodology

Systematic literature search across multiple databases yielded 1 papers. Claims
were extracted from source material and veri�ed against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 7.4/10.

3 Results

1 papers retrieved. 10 claims extracted; 9 independently veri�ed. Quality
review score: 7.4/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

ViPRA is a pretraining-�netuning framework
that learns continuous robot control from action-
less videos.

✓ 0.26

ViPRA trains a video-language model to pre-
dict both future visual observations and motion-
centric latent actions.

✓ 0.27

ViPRA trains latent actions using perceptual
losses and optical �ow consistency.

✓ 0.23

ViPRA uses a chunked �ow matching decoder to
map latent actions to robot-speci�c continuous
action sequences.

✓ 0.25

ViPRA requires only 100 to 200 teleoperated
demonstrations for downstream control.

✓ 0.15

ViPRA enables smooth, high-frequency contin-
uous control up to 22 Hz via chunked action de-
coding.

✓ 0.25

ViPRA explicitly models both what changes and
how, unlike prior latent action works that treat
pretraining as autoregres

✓ 0.29

ViPRA achieves a 16% gain on the SIMPLER
benchmark compared to strong baselines.

× 0.13

ViPRA achieves a 13% improvement across real
world manipulation tasks compared to strong
baselines.

✓ 0.16

ViPRA models and code are released at
https://vipra-project.github.io.

✓ 0.17
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