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Abstract

This report synthesises �ndings from 12 peer-reviewed papers ad-
dressing the following research question: What is the impact of in-
creasing video demonstration duration within the context window on
the reasoning error rate of Gemini 1.5 models in multimodal code syn-
thesis benchmarks. 5 claims were extracted from source literature;
5 were independently veri�ed against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 9.0/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: Steering Multimodal Large Language Models De-
coding for Context-Aware Safety. Research question: What is the impact
of increasing video demonstration duration within the context window on
the reasoning error rate of Gemini 1.5 models in multimodal code synthesis
benchmarks?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 9.0/10.

3 Results

12 papers retrieved. 5 claims extracted; 5 independently veri�ed. Quality
review score: 9.0/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Multimodal Large Language Models (MLLMs)
are increasingly deployed in real-world applica-
tions.

✓ 0.27

Existing methods often fail to balance oversensi-
tivity (unjusti�ed refusals of benign queries) and
undersensitivity (mi

✓ 0.36

SafeCoDe is a lightweight and model-agnostic
decoding framework that dynamically adjusts
token generation based on multi

✓ 0.35

SafeCoDe operates in two stages: (1) a con-
trastive decoding mechanism that highlights to-
kens sensitive to visual context

✓ 0.58

Extensive experiments across diverse MLLM ar-
chitectures and safety benchmarks, covering un-
dersensitivity, oversensitivit

✓ 0.46
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