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Abstract

This report synthesises findings from 6 peer-reviewed papers ad-
dressing the following research question: To what extent does domain
adaptation in CLIP-TD improve cross-domain robustness compared
to standard CLIP, as measured by accuracy on ImageNet-to-Sketchy
and ImageNet-to-ClipArt domain adaptation. Multi-Task Learning
(MTL) is designed to train multiple correlated tasks simultaneously,
thereby enhancing the performance of individual tasks. Typically, a
multi-task network structure consists of a shared backbone and task-
specific decoders. 12 claims were extracted from source literature; 11
were independently verified against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 8.1/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: MmAP: Multi-Modal Alignment Prompt for Cross-
Domain Multi-Task Learning. Research question: To what extent does do-
main adaptation in CLIP-TD improve cross-domain robustness compared
to standard CLIP, as measured by accuracy on ImageNet-to-Sketchy and
ImageNet-to-ClipArt domain adaptation tasks?.

2 Methodology

Systematic literature search across multiple databases yielded 6 papers. Claims
were extracted from source material and verified against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score

of 8.1/10.



3 Results

6 papers retrieved. 12 claims extracted; 11 independently verified. Quality
review score: 8.1/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.



5 Extracted Claims

Claim Verified Confidence

Multi-Task Learning (MTL) is designed to train v 0.29
multiple correlated tasks simultaneously to en-
hance the performance of in

A typical multi-task network structure consists v 0.28
of a shared backbone and task-specific decoders.

The complexity of task-specific decoders in- v 0.21
creases with the number of tasks.

The vision-language model CLIP exhibits robust v 0.24
zero-shot generalization capability.

Existing parameter-efficient transfer learning v 0.26

methods with CLIP solely fine-tune a single
modality (text or visual).

Fine-tuning a single modality in CLIP disrupts X 0.14
its modality structure.
The paper proposes Multi-modal Alignment v 0.31

Prompt (MmAP) for CLIP to align text and vi-

sual modalities during the fine-tuni

The proposed framework utilizes a gradient- v 0.18
driven task grouping method to partition tasks

into several disjoint groups.

The proposed framework assigns a group-shared v 0.22
MmAP to each task group to maximize comple-

mentarity of tasks with high sim

The proposed framework assigns a task-specific v 0.18
MmAP to each task to preserve unique charac-
teristics.
Experiments were conducted on two large multi- v 0.20
task learning datasets.
The proposed method achieves significant per- v 0.19
formance improvements compared to full fine-
tuning.
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