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Abstract

This report synthesises findings from 8 peer-reviewed papers ad-
dressing the following research question: Does integrating causal struc-
ture into synthetic data generators improve the sample efficiency and
convergence speed of tabular foundation models during cross-domain
transfer tasks. 6 claims were extracted from source literature; 6 were
independently verified against retrieved documents. An automated
multi-reviewer quality assessment produced a score of 8.7/10. This
report is a machine-generated literature synthesis and does not consti-
tute original research.

1 Introduction

This paper examines: Transfer Learning in Deep Reinforcement Learning:
A Survey. Research question: Does integrating causal structure into syn-
thetic data generators improve the sample efficiency and convergence speed
of tabular foundation models during cross-domain transfer tasks?.

2 Methodology

Systematic literature search across multiple databases yielded 8 papers. Claims
were extracted from source material and verified against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 8.7/10.

3 Results

8 papers retrieved. 6 claims extracted; 6 independently verified. Quality
review score: 8.7/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Reinforcement learning is a learning paradigm
for solving sequential decision-making problems.
Recent years have witnessed remarkable progress
in reinforcement learning upon the fast develop-
ment of deep neural netwo

Transfer learning has arisen to tackle various
challenges faced by reinforcement learning, by
transferring knowledge fro

Transfer learning approaches in the context of
deep reinforcement learning can be categorized
into a framework that anal

Transfer learning is connected to other relevant
topics from the reinforcement learning perspec-
tive.

There are potential challenges in transfer learn-
ing that await future research progress.
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