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Abstract

This report synthesises findings from 12 peer-reviewed papers ad-
dressing the following research question: What is the correlation be-
tween window size configurations in sliding window attention and pass@k
scores on long-context code generation tasks. 11 claims were extracted
from source literature; 10 were independently verified against retrieved
documents. An automated multi-reviewer quality assessment produced
a score of 8.8/10. This report is a machine-generated literature syn-
thesis and does not constitute original research.

1 Introduction

This paper examines: Faster R-CNN: Towards Real-Time Object Detection
with Region Proposal Networks. Research question: What is the correlation
between window size configurations in sliding window attention and pass@k
scores on long-context code generation tasks?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.8/10.

3 Results

12 papers retrieved. 11 claims extracted; 10 independently verified. Quality
review score: 8.8/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Faster R-CNN introduces a Region Proposal
Network (RPN) that shares full-image convolu-
tional features with the detection

The Region Proposal Network (RPN) is a fully
convolutional network that simultaneously pre-
dicts object bounds and object

The RPN is trained end-to-end to generate high-
quality region proposals used by Fast R-CNN for
detection.

Faster R-CNN merges RPN and Fast R-CNN
into a single network by sharing their convolu-
tional features.

Using the VGG-16 model, the Faster R-CNN de-
tection system achieves a frame rate of 5fps on
a GPU including all steps.

Faster R-CNN achieves state-of-the-art object
detection accuracy on the PASCAL VOC 2007
dataset using 300 proposals per

Faster R-CNN achieves state-of-the-art object
detection accuracy on the PASCAL VOC 2012
dataset using 300 proposals per

Faster R-CNN achieves state-of-the-art object
detection accuracy on the MS COCO dataset us-
ing 300 proposals per image.

Faster R-CNN and RPN were the foundations of
the 1st-place winning entries in several tracks of
the ILSVRC 2015 competit

Faster R-CNN and RPN were the foundations of
the 1st-place winning entries in several tracks of
the COCO 2015 competitio

The code for Faster R-CNN has been made pub-
licly available.
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