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Abstract

Graph Anomaly Detection (GAD) has demonstrated great effec-
tiveness in identifying unusual patterns within graph-structured data.
However, while labeled anomalies are often scarce in emerging appli-
cations, existing supervised GAD approaches are either ineffective or
not applicable when moved across graph domains due to distribution
shifts and heterogeneous feature spaces. To address these challenges,
we present GADT3, a novel test-time training framework for cross-
domain GAD. GADTS3 combines supervised and self-supervised learn-
ing during training while adapting to a new domain during test time

1 Introduction

This paper examines: Cross-Domain Graph Anomaly Detection via Test-
Time Training with Homophily-Guided Self-Supervision. Research question:
What is the correlation between Llama3d’s cross-domain anomaly detection
accuracy and the percentage of energy-specific tokens in its training data?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 3.0/10.

3 Results

13 papers retrieved. 0 claims extracted; 0 independently verified. Quality
review score: 3.0/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.
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