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Abstract

This paper presents our system developed for the SemEval-2024
Task 1: Semantic Textual Relatedness (STR), on Track C: Cross-
lingual. The task aims to detect semantic relatedness of two sentences
in a given target language without access to direct supervision (i.e.
zero-shot cross-lingual transfer). To this end, we focus on di�erent
source language selection strategies on two di�erent pre-trained lan-
guages models: XLM-R and Furina. We experiment with 1) single-
source transfer and select source languages based on typological simi-
larity, 2) augmenting English training data with the two nearest-

1 Introduction

This paper examines: MaiNLP at SemEval-2024 Task 1: Analyzing Source
Language Selection in Cross-Lingual Textual Relatedness. Research ques-
tion: What is the comparative robustness of XLM-R and Furina models
when selecting source languages with varying degrees of syntactic divergence
for cross-lingual textual relatedness tasks?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.4/10.

3 Results

12 papers retrieved. 15 claims extracted; 11 independently veri�ed. Quality
review score: 7.4/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.
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5 Extracted Claims

Claim Veri�ed Con�dence

The evaluation metric used in this shared task
is Spearman's rank correlation coe�cient.

✓ 0.23

Spearman's rank correlation coe�cient evaluates
the strength and direction of the monotonic re-
lationship between two v

✓ 0.19

The scoring has been adjusted to range between
0 and 1.

× 0.12

The organizers �ne-tuned LaBSE (Feng et al.,
2022) on the English training set to get baselines
for all target language

✓ 0.24

For English, they �ne-tuned LaBSE on Spanish
as a baseline.

✓ 0.18

The test dataset for Spanish has not been made
publicly available.

× 0.15

All models aimed at Spanish evaluation are
conducted solely on their respective validation
datasets.

✓ 0.20

The baseline score on the Spanish validation
dataset is 0.687.

× 0.11

Two RoBERTa-based models are used for the re-
gression task trained with a mean-squared error
(MSE) loss.

✓ 0.19

The models used are XLM-RoBERTa base
model and FURINA (Liu et al., 2024).

✓ 0.22

FURINA (Liu et al., 2024) covers 511 low-
resource languages.

✓ 0.21

FURINA was �ne-tuned on Glot500-m (Imani-
Googhari et al., 2023).

✓ 0.18

The training data for FURINA consists of 5% of
Glot500-m's pretraining data.

× 0.12

XLM-RoBERTa (XLM-R) is pre-trained on
2.5TB of �ltered CommonCrawl data containing
100 languages.

✓ 0.25

XLM-R has seen all SemRelEval languages ex-
cept for Algerian Arabic (arq), Moroccan Arabic
(ary), Kinyarwanda (kin) at pr

✓ 0.32
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