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Abstract

This report synthesises �ndings from 2 peer-reviewed papers ad-
dressing the following research question: How does the adversarial
contrastive learning approach compare to cross-lingual pre-training
methods like mBERT in low-resource rumor detection accuracy on
the XQuAD benchmark. Recent advancements in Large Language
Models (LLMs) have signi�cantly in�uenced the landscape of language
and speech research. Despite this progress, these models lack spe-
ci�c benchmarking against state-of-the-art (SOTA) models tailored to
particular languages and tasks. 9 claims were extracted from source
literature; 9 were independently veri�ed against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
9.0/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: LAraBench: Benchmarking Arabic AI with Large
Language Models. Research question: How does the adversarial contrastive
learning approach compare to cross-lingual pre-training methods like mBERT
in low-resource rumor detection accuracy on the XQuAD benchmark?.

2 Methodology

Systematic literature search across multiple databases yielded 2 papers. Claims
were extracted from source material and veri�ed against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 9.0/10.

1



3 Results

2 papers retrieved. 9 claims extracted; 9 independently veri�ed. Quality
review score: 9.0/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Recent advancements in Large Language Models
(LLMs) have signi�cantly in�uenced the land-
scape of language and speech r

✓ 0.33

LAraBench addresses the gap for Arabic Natu-
ral Language Processing (NLP) and Speech Pro-
cessing tasks, including sequence

✓ 0.40

Models such as GPT-3.5-turbo, GPT-4,
BLOOMZ, Jais-13b-chat, Whisper, and USM
were utilized in LAraBench.

✓ 0.26

LAraBench involved 98 experimental setups, en-
compassing ~296K data points, ~46 hours of
speech, and 30 sentences for Tex

✓ 0.33

LAraBench resulted in 330+ sets of experiments. ✓ 0.15
The analysis focused on measuring the perfor-
mance gap between SOTA models and LLMs.

✓ 0.28

SOTA models generally outperformed LLMs in
zero-shot learning, with a few exceptions.

✓ 0.33

Larger computational models with few-shot
learning techniques managed to reduce the per-
formance gaps.

✓ 0.31

The �ndings provide valuable insights into the
applicability of LLMs for Arabic NLP and
speech processing tasks.

✓ 0.33
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