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Abstract

Abstract This review presents machine learning (ML) approaches
from an applied economist's perspective. We �rst introduce the key
ML methods drawing connections to econometric practice. We then
identify current limitations of the econometric and simulation model
toolbox in applied economics and explore potential solutions a�orded
by ML. We dive into cases such as in�exible functional forms, unstruc-
tured data sources and large numbers of explanatory variables in both
prediction and causal analysis, and highlight the challenges of complex
simulation models. Finally, we argue that economists h

1 Introduction

This paper examines: Machine learning in agricultural and applied eco-
nomics. Research question: What is the trade-o� between computational
e�ciency (measured in training/inference time) and forecasting accuracy
when scaling TSDi�'s unconditional di�usion model versus conditional task-
speci�c models on large-scale time series datasets like TSDB?.

2 Methodology

Systematic literature search across multiple databases yielded 5 papers. Claims
were extracted from source material and veri�ed against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 8.3/10.

3 Results

5 papers retrieved. 4 claims extracted; 4 independently veri�ed. Quality
review score: 8.3/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Machine learning (ML) approaches can address
limitations in the econometric and simulation
model toolbox in applied econ

✓ 0.42

ML methods can handle in�exible functional
forms in both prediction and causal analysis.

✓ 0.24

ML methods can process unstructured data
sources and large numbers of explanatory vari-
ables.

✓ 0.27

Economists have a vital role in addressing the
shortcomings of ML when used for quantitative
economic analysis.

✓ 0.35
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