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Abstract

This report synthesises findings from 12 peer-reviewed papers ad-
dressing the following research question: How does the pass@1 per-
formance of Codestral compare to Llama3 on the HumanEval dataset
when evaluated under few-shot prompting conditions. 10 claims were
extracted from source literature; 9 were independently verified against
retrieved documents. An automated multi-reviewer quality assessment
produced a score of 8.5/10. This report is a machine-generated litera-
ture synthesis and does not constitute original research.

1 Introduction

This paper examines: Multi-lingual Evaluation of Code Generation Models.
Research question: How does the pass@1 performance of Codestral com-
pare to Llama3 on the HumanEval dataset when evaluated under few-shot
prompting conditions?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.

3 Results

12 papers retrieved. 10 claims extracted; 9 independently verified. Quality
review score: 8.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

The paper presents three new benchmarks for
evaluating code generation models: MBXP,
Multilingual HumanEval, and MathQA-

The presented datasets cover over 10 program-
ming languages.

The datasets were generated using a scalable
conversion framework that transpiles prompts
and test cases from original P

The study discovered that language models pos-
sess generalization ability on out-of-domain lan-
guages.

The study found that multi-lingual models have
advantages over mono-lingual models in code
generation tasks.

The study found that few-shot prompting en-
ables models to learn new languages.

The study observed zero-shot translation abili-
ties in models even within mono-lingual settings.
The authors used their code generation model
to perform large-scale bootstrapping to obtain
synthetic canonical solution

The generated synthetic canonical solutions can
be used for code insertion, robustness, or sum-
marization tasks.

The code and datasets for this research are pub-
licly released at https://github.com/amazon-
research /mxeval.
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