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Abstract

This report synthesises findings from 14 peer-reviewed papers ad-
dressing the following research question: How does the retrieval accu-
racy of Contriever and DPR encoders compare on the Natural Ques-
tions benchmark when the context window size is increased to 2048
tokens. Retrieval-Augmented Generation (RAG) has recently emerged
as a method to extend beyond the pre-trained knowledge of Large
Language Models by augmenting the original prompt with relevant
passages or documents retrieved by an Information Retrieval (IR) sys-
tem. RAG has become. 5 claims were extracted from source literature;
5 were independently verified against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 8.7/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: The Power of Noise: Redefining Retrieval for RAG
Systems. Research question: How does the retrieval accuracy of Contriever
and DPR encoders compare on the Natural Questions benchmark when the
context window size is increased to 2048 tokens?.

2 Methodology

Systematic literature search across multiple databases yielded 14 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.7/10.

3 Results

14 papers retrieved. 5 claims extracted; 5 independently verified. Quality
review score: 8.7/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Retrieval-Augmented Generation (RAG) has re-
cently emerged as a method to extend beyond
the pre-trained knowledge of Larg

RAG has become increasingly important for
Generative Al solutions, especially in enterprise
settings or in any domain in

The retrieval component of RAG systems, be
it dense or sparse, deserves increased attention
from the research community.

The retriever’s highest-scoring documents that
are not directly relevant to the query (e.g., do
not contain the answer)

Adding random documents in the prompt im-
proves the LLM accuracy by up to 35%.
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