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Abstract

This report synthesises �ndings from 5 peer-reviewed papers ad-
dressing the following research question: How do adversarial contrastive
pre-trained models perform on cross-domain rumor detection tasks, as
measured by accuracy on datasets like PHEME and FakeNewsNet,
compared to non-adversarial. 12 claims were extracted from source
literature; 12 were independently veri�ed against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.7/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: A review of fake news detection approaches: A critical
analysis of relevant studies and highlighting key challenges associated with
the dataset, feature representation, and data fusion. Research question:
How do adversarial contrastive pre-trained models perform on cross-domain
rumor detection tasks, as measured by accuracy on datasets like PHEME and
FakeNewsNet, compared to non-adversarial contrastive pre-trained models?.

2 Methodology

Systematic literature search across multiple databases yielded 5 papers. Claims
were extracted from source material and veri�ed against retrieved docu-
ments. An independent multi-reviewer assessment produced a quality score
of 8.7/10.

3 Results

5 papers retrieved. 12 claims extracted; 12 independently veri�ed. Quality
review score: 8.7/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Social networks have become the main source to
acquire news about current global a�airs.

✓ 0.26

Fake news appears and spreads on social media
daily.

✓ 0.22

Fake news has a negative in�uence on several do-
mains, such as politics, the economy, and health.

✓ 0.22

Fake news generates detriments to societal sta-
bility.

✓ 0.19

Several studies have provided e�ective mod-
els for detecting fake news in social networks
through a variety of methods.

✓ 0.30

The accuracy of the detection models was found
to be notably insu�cient.

✓ 0.22

Most review articles have focused on speci�c and
recurring aspects of fake news detection models.

✓ 0.30

The majority of reviews have primarily focused
on dividing datasets, features, and classi�ers
used in this �eld by typ

✓ 0.31

The limitations of the datasets, their features,
how these features are fused, and the impact of
all these factors on de

✓ 0.31

Most detection models were based on a super-
vised learning approach.

✓ 0.23

This review article analyzes relevant studies for
the few last years and highlights the challenges
faced by fake news de

✓ 0.39

The investigation of fake news detection studies
relied on the following aspects and their impact
on detection accuracy,

✓ 0.38
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