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Abstract

This report synthesises findings from 16 peer-reviewed papers ad-
dressing the following research question: How does the integration
of contrastive learning objectives in dense retrievers impact zero-shot
performance on cross-domain tasks like NQ compared to models using
only standard pairwise ranking. 7 claims were extracted from source
literature; 6 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
7.5/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Framing Image Description as a Ranking Task: Data,
Models and Evaluation Metrics. Research question: How does the integra-
tion of contrastive learning objectives in dense retrievers impact zero-shot
performance on cross-domain tasks like NQ compared to models using only
standard pairwise ranking losses?.

2 Methodology

Systematic literature search across multiple databases yielded 16 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.5/10.

3 Results

16 papers retrieved. 7 claims extracted; 6 independently verified. Quality
review score: 7.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

The proposed benchmark collection consists of
8,000 images.

Each image in the benchmark collection is paired
with five different captions.

The captions in the benchmark provide clear de-
scriptions of the salient entities and events.
The introduced systems are based on features
that can be obtained with minimal supervision.
Training on multiple captions per image is im-
portant for performance on this task.
Capturing syntactic (word order-based) and se-
mantic features of captions is important for per-
formance on this task.

Metrics that consider the ranked list of results
for each query are significantly more robust than
metrics based on a si

X

v

0.11

0.19

0.19

0.16

0.18

0.22

0.28

References

e https://doi.org/10.1145/3634911

e https://doi.org/10.1109/tnnls.2021.3070843

e https://doi.org/10.1613/jair.3994


https://doi.org/10.1145/3634911
https://doi.org/10.1109/tnnls.2021.3070843
https://doi.org/10.1613/jair.3994

