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Abstract

We propose a novel approach for cross-lingual Named Entity Recog-
nition (NER) zero-shot transfer using parallel corpora. We built an en-
tity alignment model on top of XLM-RoBERTa to project the entities
detected on the English part of the parallel data to the target language
sentences, whose accuracy surpasses all previous unsupervised models.
With the alignment model we can get pseudo-labeled NER data set in
the target language to train task-speci�c model. Unlike using transla-
tion methods, this approach bene�ts from natural �uency and nuances
in target-language original corpus. We also propo

1 Introduction

This paper examines: Cross-Lingual Named Entity Recognition Using Par-
allel Corpus: A New Approach Using XLM-RoBERTa Alignment. Research
question: What is the e�ect of incorporating multilingual pre-trained lan-
guage models (e.g., XLM-RoBERTa, mBERT) as teachers in cross-lingual
NER alignment methods on the F1 score performance for target languages
with no labeled data?.

2 Methodology

Systematic literature search across multiple databases yielded 16 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.

3 Results

16 papers retrieved. 15 claims extracted; 13 independently veri�ed. Quality
review score: 8.5/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

2



5 Extracted Claims

Claim Veri�ed Con�dence

Existing parallel corpora is easier to obtain than
annotated NER data.

✓ 0.19

We used parallel corpus crawled from the OPUS
website (Tiedemann, 2012).

✓ 0.21

We used the following data sets: Ted2013, Open-
Subtitles, WikiMatrix, UNPC, Europarl, WMT-
News, NewsCommentary, JW300.

✓ 0.20

In this work, we focus on 4 languages, German,
Spanish, Dutch and Chinese.

✓ 0.16

We randomly select data points from all data
sets above with equal weights.

× 0.14

The objective of alignment model is to �nd the
entity from a foreign paragraph given its English
name.

✓ 0.18

We feed the English name and the paragraph as
segment A and B into the XLM-R model (Lam-
ple and Conneau, 2019; Conneau et

✓ 0.22

The training data set can be created from
Wikipedia documents where anchor text in hy-
perlinks naturally indicate the loc

✓ 0.26

We propose a novel semi-supervised method for
the cross-lingual NER transfer, bridged by par-
allel corpus.

✓ 0.24

We train an NER model on source-language data
set - in this case English - assuming that we have
labeled task-speci�c d

✓ 0.22

We label the English part of the parallel corpus
with this model.

× 0.14

We project those recognized entities onto the
target language, i.e. label the span of the same
entity in target-language

✓ 0.21

We leverage the most recent XLM-R model
(Lample and Conneau, 2019; Conneau et al.,
2020).

✓ 0.20

We use this pseudo-labeled data to train the
task-speci�c model in target language directly.

✓ 0.20

We explored the option of continue training from
a multilingual model �ne-tuned on English NER
data to maximize the ben

✓ 0.21
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