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Abstract

Cross-lingual transfer learning without labeled target language data
or parallel text has been surprisingly effective in zero-shot cross-lingual
classification, question answering, unsupervised machine translation,
etc. However, some recent publications have claimed that domain mis-
match prevents cross-lingual transfer, and their results show that un-
supervised bilingual lexicon induction (UBLI) and unsupervised neural
machine translation (UNMT) do not work well when the underlying
monolingual corpora come from different domains (e.g., French text
from Wikipedia but English text from UN proceedi

1 Introduction

This paper examines: Domain Mismatch Doesn’t Always Prevent Cross-
Lingual Transfer Learning. Research question: What is the impact of do-
main mismatch between intermediate tasks and target tasks on zero-shot
cross-lingual transfer performance in the XTREME benchmark, measured
by accuracy degradation across language families?.

2 Methodology

Systematic literature search across multiple databases yielded 14 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.4/10.

3 Results

14 papers retrieved. 15 claims extracted; 13 independently verified. Quality
review score: 8.4/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.






5 Extracted Claims

Claim Verified Confidence

MUSE works well with domain-matched cor- v 0.25
pora, while domain-mismatched experiments

show large degradations relative to mat

Scores for Es-En, En-Es, and En-Ru all fall to v 0.28
near 0.0, showing that cross-lingual transfer has

failed in these cases.

Joint pre-training recovers a large portion of the v 0.24
losses incurred by mismatched corpora, showing

cross-lingual transfer

A large proportion of word pairs in the MUSE v 0.29
test dictionaries are identical (e.g., Paris-Paris

in Fr-En).

Joint-training is able to take advantage of identi- v 0.19

cal spellings, since words with the same spelling
will always have the

Russian data for the UBLI experiments was lem- X 0.13
matized with the pymorphy2 morphological an-

alyzer.

Wiki dumps from June 2020 and UN corpus v1.0 v 0.19
were used, with 5M lines sampled from each for

training.

Tokenization was done with Moses. X 0.03
The unsupervised CSLS scores are computed us- v 0.17
ing only the training corpora.

The copying baseline treats each word as its own v 0.23

translation and its accuracy at 1 exceeds 40% for

English-French in bot

Sgaard et al. (2018) explicitly use identical v 0.32
words to create a seed dictionary to improve per-

formance in the cross-dom

The joint pre-training approach yielded 56.9% v 0.20
for En-Es, compared to 25.5% with the unsu-

pervised seed dictionary method.

The Source-Target Domain Mismatch (STDM) v 0.32
score of Shen et al. (2021) provides a means of

measuring domain similarity bet

The Europarl and UN corpora are not dramati- v 0.18
cally different from the Wikipedia corpora in all

cases, as measured by the S

The STDM score is computed by applying TF- v 0.17
IDF to the concatenated corpora and comparing

the resulting document represent
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