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Abstract

This report synthesises findings from 14 peer-reviewed papers ad-
dressing the following research question: Does replacing concatenation
with attention-based fusion in multimodal alignment frameworks im-
prove sample efficiency and downstream task performance on zero-shot
classification benchmarks. Today, despite decades of developments in
medicine and the growing interest in precision healthcare, vast majority
of diagnoses happen once patients begin to show noticeable signs of ill-
ness. Early indication and detection of diseases, however, can provide
patients and carers. 7 claims were extracted from source literature;
7 were independently verified against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 9.3/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: BEHRT: Transformer for Electronic Health Records.
Research question: Does replacing concatenation with attention-based fusion
in multimodal alignment frameworks improve sample efficiency and down-
stream task performance on zero-shot classification benchmarks?.

2 Methodology

Systematic literature search across multiple databases yielded 14 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 9.3/10.

3 Results

14 papers retrieved. 7 claims extracted; 7 independently verified. Quality
review score: 9.3/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

BEHRT is a deep neural sequence transduc-
tion model designed for electronic health records
(EHR).

BEHRT is capable of simultaneously predicting
the likelihood of 301 conditions in future patient
visits.

The BEHRT model was trained and evaluated
on data from nearly 1.6 million individuals.
BEHRT demonstrates an improvement of 8.0-
13.2% in average precision scores over existing
state-of-the-art deep EHR model

BEHRT enables personalised interpretation of
its predictions.

BEHRT’s architecture allows for the incorpora-
tion of multiple heterogeneous concepts such as
diagnosis, medication, and

BEHRT’s pre-training results in disease and pa-
tient representations that can be utilized for
transfer learning in future
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