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Abstract

This report synthesises findings from 12 peer-reviewed papers ad-
dressing the following research question: How does the integration
of graph diffusion models with large language models (LLMs) impact
the performance of template-based graph clustering when evaluated
on node classification accuracy and. Abstract Large language models
(LLMs) have exploded a new heatwave of AI for their ability to en-
gage end-users in human-level conversations with detailed and articu-
late answers across many knowledge domains. In response to their fast
adoption in many industrial applications. 9 claims were extracted from
source literature; 9 were independently verified against retrieved doc-
uments. An automated multi-reviewer quality assessment produced a
score of 8.3/10. This report is a machine-generated literature synthesis
and does not constitute original research.

1 Introduction

This paper examines: A survey of safety and trustworthiness of large lan-
guage models through the lens of verification and validation. Research ques-
tion: How does the integration of graph diffusion models with large language
models (LLMs) impact the performance of template-based graph clustering
when evaluated on node classification accuracy and Fl-score, particularly
under adversarial edge perturbations?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.3/10.



3 Results

12 papers retrieved. 9 claims extracted; 9 independently verified. Quality

review score: 8.3/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Large language models (LLMs) have exploded a
new heatwave of Al for their ability to engage
end-users in human-level con

This survey concerns the safety and trustworthi-
ness of LLMs.

The survey reviews known vulnerabilities and
limitations of the LLMs, categorising them into
inherent issues, attacks, a

Verification and Validation (V&V) techniques
have been widely developed for traditional soft-
ware and deep learning model

The survey considers if and how the V&V tech-
niques can be integrated and further extended
throughout the lifecycle of th

The survey considers four complementary tech-
niques: falsification and evaluation, verification,
runtime monitoring, and

370+ references are considered to support the
quick understanding of the safety and trustwor-
thiness issues from the pers

Intensive research has been conducted to identify
the safety and trustworthiness issues of LLMs.
Rigorous yet practical methods are called for to
ensure the alignment of LLMs with safety and
trustworthiness requiremen
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