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Abstract

This report synthesises findings from 14 peer-reviewed papers ad-
dressing the following research question: Does procedural pretrain-
ing on self-invoking benchmarks improve cross-domain transfer perfor-
mance on novel code generation tasks compared to models fine-tuned
only on static datasets. 15 claims were extracted from source literature;
2 were independently verified against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 4.3/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: Learning to Perform Complex Tasks through Compo-
sitional Fine-Tuning of Language Models. Research question: Does procedu-
ral pretraining on self-invoking benchmarks improve cross-domain transfer
performance on novel code generation tasks compared to models fine-tuned
only on static datasets?.

2 Methodology

Systematic literature search across multiple databases yielded 14 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 4.3/10.

3 Results

14 papers retrieved. 15 claims extracted; 2 independently verified. Quality
review score: 4.3/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.






5 Extracted Claims

Claim Verified Confidence
CFT outperforms end-to-end learning in both v 0.24
world travel and local dining domains.

CF'T outperforms chain of thought prompting in v 0.27
both world travel and local dining domains.

The best CFT configuration includes fine-tuning X 0.07

on factual statements, factual comparisons, and

decision templates.

Factual statements consistently improve perfor- X 0.12
mance in both world travel and local dining do-

mains.

Factual comparisons monotonically increase per- X 0.07
formance in both world travel and local dining

domains.

The effect of factual comparisons is comparable X 0.01
to that of factual statements in the best config-

uration.

The model was evaluated on 1.6k test cases for X 0.02
factual comparisons and 6.4k test cases for deci-

sion templates.

A single test case is evaluated by generating the X 0.02
top 5 predictions with greedy decoding.

The score for a test case is 1 if the answer is more X 0.03
likely than the wrong candidate, otherwise it is

0.

The best CFT configuration achieves a score of X 0.03

0.95 $\pm$ 0.01 on decision templates in the

world travel domain.

The best CFT configuration achieves a score of X 0.03
0.74 $\pm$ 0.05 on decision templates in the lo-

cal dining domain.

The best CFT configuration achieves a score of X 0.03
0.96 $\pm$ 0.01 on factual comparisons in the

world travel domain.

The best CFT configuration achieves a score of X 0.03
0.95 $\pm$ 0.01 on decision templates in the

world travel domain.

The best CFT configuration achieves a score of X 0.03
0.75 $\pm$ 0.05 on factual comparisons in the

local dining domain.

The best CFT configuration achieves a score of X 0.03
0.74 $\pm$ 0.05 on decision templates in the lo-

cal dining domain.
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