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Abstract

Corpus distillation for biomedical large language models (LLMs)
seeks to address the pressing challenge of insu�cient quantity and
quality in open-source annotated scienti�c corpora, which remains a
bottleneck for e�ective LLM training in biomedical research. This
paper proposes a knowledge-driven, agentic framework for scienti�c
corpus distillation, tailored explicitly for LLM training in the biomed-
ical domain, addressing the challenge posed by the complex hierarchy
of biomedical knowledge. Central to our approach is a collaborative
multi-agent architecture, where specialized agents, eac

1 Introduction

This paper examines: Knowledge-Driven Agentic Scienti�c Corpus Distilla-
tion Framework for Biomedical Large Language Models Training. Research
question: How does increasing the size of distilled datasets impact the ad-
versarial robustness of CodeT5 against gradient-based attacks on code com-
pletion tasks?.

2 Methodology

Systematic literature search across multiple databases yielded 15 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.3/10.

3 Results

15 papers retrieved. 8 claims extracted; 8 independently veri�ed. Quality
review score: 8.3/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

The LLM is trained by minimizing the negative
log-likelihood: Leval() = -1/N * $\Sigma$ log
P(yi|di, qa_i, ca_i, qb_i, cb_i).

✓ 0.22

The LLM-based evaluation agent can be de-
ployed to automatically assess the relative qual-
ity of any two candidate questio

✓ 0.26

The Answer Generation Agent $\varphi$ gener-
ates high-quality answers using advanced LLMs
such as GPT-4o.

✓ 0.24

The m-KAILIN framework initializes two Ques-
tion Generation Agents: one based on a domain-
speci�c LLM (e.g., BioMistral)

✓ 0.23

The domain-speci�c agent (e.g., BioMistral)
is expected to capture �ne-grained biomedical
knowledge and terminology.

✓ 0.25

The Question Generation Agent is �ne-tuned on
the BioASQ QA dataset, resulting in a special-
ized generator $\theta$.

✓ 0.22

The objective function for �ne-tuning the Ques-
tion Generation Agent is LQA($\theta$) = -1/N
* $\Sigma$ log P$\theta$(qi|di).

✓ 0.27

During inference, the trained question generator
receives a biomedical document di and generates
a corresponding candida

✓ 0.32

References

� http://arxiv.org/abs/2504.19565v3

� http://arxiv.org/abs/2403.13322v3

� http://arxiv.org/abs/2307.02055v1

2

http://arxiv.org/abs/2504.19565v3
http://arxiv.org/abs/2403.13322v3
http://arxiv.org/abs/2307.02055v1

