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Abstract

This report synthesises findings from 10 peer-reviewed papers ad-
dressing the following research question: Does the proposed sub-module
attention approach reduce the computational cost while maintaining
detection APs for novel categories in meta-learning frameworks. 9
claims were extracted from source literature; 9 were independently ver-
ified against retrieved documents. An automated multi-reviewer qual-
ity assessment produced a score of 9.5/10. This report is a machine-
generated literature synthesis and does not constitute original research.

1 Introduction

This paper examines: Squeeze-and-Excitation Networks. Research question:
Does the proposed sub-module attention approach reduce the computational
cost while maintaining detection APs for novel categories in meta-learning
frameworks?.

2 Methodology

Systematic literature search across multiple databases yielded 10 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 9.5/10.

3 Results

10 papers retrieved. 9 claims extracted; 9 independently verified. Quality
review score: 9.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

The central building block of convolutional neu-
ral networks (CNNs) is the convolution operator.
The convolution operator enables networks to
construct informative features by fusing both
spatial and channel-wise info

A broad range of prior research has investigated
the spatial component of this relationship, seek-
ing to strengthen the r

The authors propose a novel architectural unit,
which they term the ’Squeeze-and-Excitation’
(SE) block, that adaptively

SE blocks can be stacked together to form
SENet architectures that generalise extremely
effectively across different dat

SE blocks bring significant improvements in per-
formance for existing state-of-the-art CNNs at
slight additional computat
Squeeze-and-Excitation Networks formed the
foundation of the authors’” ILSVRC 2017 clas-
sification submission which won fi

The winning entry of 2016 was surpassed by a
relative improvement of ~25%.

Models and code are available at
https://github.com/hujie-frank /SENet.
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