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Abstract

This report synthesises findings from 12 peer-reviewed papers ad-
dressing the following research question: How does the performance
of VLA-Adapter fine-tuned models compare to full fine-tuning on out-
of-domain robotic tasks when evaluated using the RoboBench bench-
mark, specifically measuring accuracy and. 7 claims were extracted
from source literature; 5 were independently verified against retrieved
documents. An automated multi-reviewer quality assessment produced
a score of 7.5/10. This report is a machine-generated literature syn-
thesis and does not constitute original research.

1 Introduction

This paper examines: Parameter-Efficient Fine-Tuning With Adapters. Re-
search question: How does the performance of VLA-Adapter fine-tuned mod-
els compare to full fine-tuning on out-of-domain robotic tasks when evalu-
ated using the RoboBench benchmark, specifically measuring accuracy and
robustness metrics?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.5/10.

3 Results

12 papers retrieved. 7 claims extracted; 5 independently verified. Quality
review score: 7.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

UniPELT proves effective across most datasets
in GLUE and for most of the domain-specific
data.

UniPELT demonstrates positive results on
the Stanford Question Answering Dataset
(SQuAD).

UniPELT achieves performance comparable to
full model fine-tuning, DAPT-+TAPT, and
UniPELT strategies while requiring few
UniPELT significantly reduces the number of
trainable parameters while maintaining compet-
itive performance across variou

UniPELT expedites the adaptation process and
alleviates the computational burden.
Domain-Adaptive Pretraining (DAPT) and
Task-Adaptive Pretraining (TAPT) significantly
improve language models’ effective

DAPT is resource-intensive.
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