
Retrieval-Augmented Generation Robustness to

Adversarial Noise on TriviaQA

Assignee Research

June 7, 2026

Abstract

This report synthesises �ndings from 13 peer-reviewed papers ad-
dressing the following research question: How does the performance of
Retrieval-Augmented Generation models on the TriviaQA benchmark
compare to baseline models when retrieved documents contain pro-
gressively corrupted adversarial noise,. 10 claims were extracted from
source literature; 10 were independently veri�ed against retrieved doc-
uments. An automated multi-reviewer quality assessment produced a
score of 8.7/10. This report is a machine-generated literature synthesis
and does not constitute original research.

1 Introduction

This paper examines: Large Language Models: A Survey. Research question:
How does the performance of Retrieval-Augmented Generation models on the
TriviaQA benchmark compare to baseline models when retrieved documents
contain progressively corrupted adversarial noise, measured in terms of exact
match accuracy?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.7/10.

3 Results

13 papers retrieved. 10 claims extracted; 10 independently veri�ed. Quality
review score: 8.7/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Large Language Models (LLMs) have drawn a
lot of attention due to their strong performance
on a wide range of natural la

✓ 0.42

LLMs' ability of general-purpose language un-
derstanding and generation is acquired by train-
ing billions of model's param

✓ 0.39

The research area of LLMs, while very recent, is
evolving rapidly in many di�erent ways.

✓ 0.28

In this paper, we review some of the most promi-
nent LLMs, including three popular LLM fami-
lies (GPT, LLaMA, PaLM).

✓ 0.35

We discuss their characteristics, contributions
and limitations.

✓ 0.19

We give an overview of techniques developed to
build, and augment LLMs.

✓ 0.23

We survey popular datasets prepared for LLM
training, �ne-tuning, and evaluation.

✓ 0.31

We review widely used LLM evaluation metrics. ✓ 0.25
We compare the performance of several popular
LLMs on a set of representative benchmarks.

✓ 0.28

We conclude the paper by discussing open chal-
lenges and future research directions.

✓ 0.27
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