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Abstract

This report synthesises �ndings from 11 peer-reviewed papers ad-
dressing the following research question: How does the F1-score of
Llama3 compare to Deepseek R1 on the Big-Vul dataset when evaluat-
ing generalization to unseen obfuscation techniques after �ne-tuning on
adversarial samples. 14 claims were extracted from source literature;
1 was independently veri�ed against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 4.2/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: Fine-T2I: An Open, Large-Scale, and Diverse Dataset
for High-Quality T2I Fine-Tuning. Research question: How does the F1-
score of Llama3 compare to Deepseek R1 on the Big-Vul dataset when eval-
uating generalization to unseen obfuscation techniques after �ne-tuning on
adversarial samples?.

2 Methodology

Systematic literature search across multiple databases yielded 11 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 4.2/10.

3 Results

11 papers retrieved. 14 claims extracted; 1 independently veri�ed. Quality
review score: 4.2/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.
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5 Extracted Claims

Claim Veri�ed Con�dence

Fine-tuning LlamaGen on the Fine-T2I dataset
achieves an 80.7% win rate for visual quality
compared to a counterpart wit

× 0.13

Fine-tuning LlamaGen on the Fine-T2I dataset
achieves a 65.3% win rate for text-image align-
ment compared to a counterpar

✓ 0.17

GenEval benchmark scores improve for both Lla-
maGen and SD-XL models after �ne-tuning on
the Fine-T2I dataset.

× 0.11

In a human evaluation comparing LlamaGen
�ne-tuned on Fine-T2I, BLIP3o-60k, and T2I-
2M, the Fine-T2I model achieved a 4

× 0.12

In a human evaluation comparing LlamaGen
�ne-tuned on Fine-T2I, BLIP3o-60k, and T2I-
2M, the Fine-T2I model achieved a 3

× 0.09

In the human evaluation comparison, the
BLIP3o-60k �ne-tuned model achieved a 29.5%
win rate for Text-Image Alignment.

× 0.11

In the human evaluation comparison, the T2I-
2M �ne-tuned model achieved a 21.3% win rate
for Visual Quality.

× 0.08

The Fine-T2I dataset contains 37.9% prompts
categorized as 'Long text'.

× 0.07

The Fine-T2I dataset contains 27.8% prompts
categorized as 'Nature'.

× 0.06

The Fine-T2I dataset contains 17.4% prompts
categorized as 'Rendering'.

× 0.06

The Fine-T2I dataset contains 10.6% prompts
categorized as 'Activities'.

× 0.07

The Fine-T2I dataset contains 6.3% prompts
categorized as 'Portrait'.

× 0.07

The Fine-T2I dataset contains 36.9% prompts
involving 'Colors' tasks.

× 0.05

The distribution of prompt lengths in Fine-T2I
shows that enhanced prompts have a di�erent
length distribution compared

× 0.03
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