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Abstract

This report synthesises findings from 13 peer-reviewed papers ad-
dressing the following research question: How does the scaling of LoRA
rank in multimodal diffusion transformers affect memory footprint and
generation speed relative to full parameter fine-tuning on downstream
video tasks. Large models represent a groundbreaking advancement in
multiple application fields, enabling remarkable achievements across
various tasks. However, their unprecedented scale comes with signif-
icant computational costs. 8 claims were extracted from source lit-
erature; 7 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
7.3/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Parameter-Efficient Fine-Tuning for Large Models: A
Comprehensive Survey. Research question: How does the scaling of LoRA
rank in multimodal diffusion transformers affect memory footprint and gen-
eration speed relative to full parameter fine-tuning on downstream video
tasks?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.3/10.



3 Results

13 papers retrieved. 8 claims extracted; 7 independently verified. Quality

review score: 7.3/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Large models often consist of billions of param-
eters.

Large models require vast amounts of computa-
tional resources for execution.

Parameter Efficient Fine-Tuning (PEFT) ad-
justs the parameters of a pre-trained large model
to adapt it to a specific tas

PEFT aims to minimize the number of addi-
tional parameters introduced during fine-tuning.
PEFT aims to minimize the computational re-
sources required during fine-tuning.
Fine-tuning large-scale language models from
scratch can be computationally expensive and
resource-intensive.

The survey presents studies of various PEFT al-
gorithms examining their performance and com-
putational overhead.

The survey provides an overview of applications
developed using different PEFT algorithms.
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