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Abstract

This report synthesises findings from 12 peer-reviewed papers ad-
dressing the following research question: Does substituting ViT with
EfficientViT in PaLl improve robustness against missing correspon-
dences in Image-Text Matching tasks as measured by R@1 and R@5
on corrected COCO validation sets. 15 claims were extracted from
source literature; 3 were independently verified against retrieved doc-
uments. An automated multi-reviewer quality assessment produced a
score of 4.8/10. This report is a machine-generated literature synthesis
and does not constitute original research.

1 Introduction

This paper examines: Advanced Multimodal Deep Learning Architecture
for Image-Text Matching. Research question: Does substituting ViT with
EfficientViT in PaLl improve robustness against missing correspondences
in Image-Text Matching tasks as measured by R@1 and R@5 on corrected
COCO validation sets?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 4.8/10.

3 Results

12 papers retrieved. 15 claims extracted; 3 independently verified. Quality
review score: 4.8/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.



5 Extracted Claims

Claim Verified Confidence
The optimized new model has significantly im- v 0.20
proved performance on a series of benchmark

datasets.

The new model shows excellent generalization v 0.24

and robustness on large and diverse open sce-

nario datasets.

The new model maintains high matching per- X 0.06
formance even in the face of previously unseen

complex situations.

The new model demonstrates outstanding per- X 0.03
formance across multiple well-established bench-

marks.

The new model shows strong generalization abil- X 0.08
ity and stable performance in the test.

The MKL-VisITA model achieves a Recall of X 0.02
96.32, Precision of 90.36, and mAP of 94.81.

The CLIP model achieves a Recall of 91.26, Pre- X 0.02
cision of 88.21, and mAP of 92.11.

The BLIP model achieves a Recall of 92.87, Pre- X 0.02
cision of 87.39, and mAP of 90.74.

The ALBEF model achieves a Recall of 90.37, X 0.02
Precision of 85.22, and mAP of 89.32.

The MKL-VisITA model achieves a Recall of X 0.02
90.32, Precision of 95.21, and mAP of 96.84.

The CLIP model achieves a Recall of 84.21, Pre- X 0.02
cision of 88.58, and mAP of 92.12.

The BLIP model achieves a Recall of 85.96, Pre- X 0.02
cision of 89.68, and mAP of 93.67.

The ALBEF model achieves a Recall of 86.77, X 0.02
Precision of 90.31, and mAP of 90.24.

The paper proposes an innovative multimodal v 0.20

deep learning framework that integrates ad-

vanced cross-modal attention mecha

The new model includes an image encoder, X 0.10
text encoder, core module responsible for cross-

modal information interaction,
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