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Abstract

Named Entity Recognition (NER) and Part-of-Speech (POS) tag-
ging are critical tasks for Natural Language Processing (NLP), yet their
availability for low-resource languages (LRLs) like Bodo remains lim-
ited. This article presents a comparative empirical study investigating
the effectiveness of Google’s Gemini 2.0 Flash Thinking Experiment
model for zero-shot cross-lingual transfer of POS and NER tagging to
Bodo. We explore two distinct methodologies: (1) direct translation
of English sentences to Bodo followed by tag transfer, and (2) prompt-
based tag transfer on parallel English-Bodo sentence p

1 Introduction

This paper examines: Comparative Study of Zero-Shot Cross-Lingual Trans-
fer for Bodo POS and NER Tagging Using Gemini 2.0 Flash Thinking Fx-
perimental Model. Research question: How does the zero-shot POS tagging
accuracy of Gemini 2.0 Flash Thinking compare to Llama 3 and Claude
3 on the XTREME benchmark for low-resource Tibeto-Burman languages
beyond Bodo?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 9.2/10.

3 Results

13 papers retrieved. 10 claims extracted; 10 independently verified. Quality
review score: 9.2/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Gemini 2.0 Flash Thinking Experimental model
is a state-of-the-art LLM hypothesized to possess
a sophisticated architect

Gemini 2.0 Flash Thinking Experimental model
is assumed to have a Transformer-based archi-
tecture, similar to models like

Gemini 2.0 Flash Thinking Experimental model
is assumed to have a rich, language-agnostic un-
derstanding of linguistic st

Gemini 2.0 Flash Thinking Experimental model
incorporates a dedicated module or mechanism
for machine translation, enabl

The study evaluates the zero-shot cross-lingual
transfer performance of Google’s Gemini 2.0
Flash Thinking Experimental

The study focuses on two distinct methodologies
designed to leverage the model’s capabilities in
machine translation and

The study assumes a Transformer-based archi-
tecture for Gemini 2.0 Flash Thinking Experi-
mental model, similar to models 1

The study assumes that Gemini 2.0 Flash Think-
ing Experimental model has a rich, language-
agnostic understanding of lingu

The study assumes that Gemini 2.0 Flash Think-
ing Experimental model incorporates a dedi-
cated module or mechanism for mac

The study designed two distinct methodologies
to evaluate Gemini 2.0 Flash Thinking Experi-
mental model’s zero-shot cross
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