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Abstract

An exciting advancement in the field of multilingual models is the
emergence of autoregressive models with zero- and few-shot capabil-
ities, a phenomenon widely reported in large-scale language models.
To further improve model adaptation to cross-lingual tasks, another
trend is to further fine-tune the language models with either full fine-
tuning or parameter-efficient tuning. However, the interaction between
parameter-efficient fine-tuning (PEFT) and cross-lingual tasks in mul-
tilingual autoregressive models has yet to be studied. Specifically, we
lack an understanding of the role of linguistic

1 Introduction

This paper examines: On the Analysis of Cross-Lingual Prompt Tuning for
Decoder-based Multilingual Model. Research question: What is the impact
of sparse fine-tuning with different sparsity levels on the inference efficiency
(latency, throughput) of multilingual language models when evaluated on
cross-lingual tasks like XNLI and PAWS-X?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.7/10.

3 Results

13 papers retrieved. 9 claims extracted; 9 independently verified. Quality
review score: 8.7/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Models trained with prompt tuning perform
comparable to or even better than models
trained with fine-tuning across the f

In the XNLI task, models trained with prompt
tuning achieve accuracy improvements of up to
2.9% over full fine-tuned mod

Prompt tuning yields greater performance gains
compared to fine-tuning for low-resource lan-
guages.

The evaluation results of the XGLM-564M
model tuned with prompt tuning and fine-tuning
can be found in Table 2.

XGLM adopts the identical Transformer decoder
structure as GPT-3 but incorporates a larger set
of 250K joint vocabularie

XGLM employs a decoder-only architecture, un-
like conventional multilingual models such as
mBERT, XLM-R, and mT5.

XGLM-564M is the smallest among the publicly
available pre-trained XGLM models provided on
HuggingFace.

P-tuning v2 adds fixed-length continuous
prompts in front of the input sequences and all
layers of XGLM.

During prompt tuning, only the prompt embed-
dings and the classifier heads are updated while
keeping the remaining parame
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