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Abstract

This report synthesises �ndings from 12 peer-reviewed papers ad-
dressing the following research question: Does integrating manifold
regularization into dense retrievers improve zero-shot cross-domain ro-
bustness on heterogeneous QA corpora compared to baseline dual-
encoder models. This paper surveys the �eld of reinforcement learning
from a computer-science perspective. It is written to be accessible to
researchers familiar with machine learning. 9 claims were extracted
from source literature; 9 were independently veri�ed against retrieved
documents. An automated multi-reviewer quality assessment produced
a score of 9.2/10. This report is a machine-generated literature syn-
thesis and does not constitute original research.

1 Introduction

This paper examines: Reinforcement Learning: A Survey. Research ques-
tion: Does integrating manifold regularization into dense retrievers improve
zero-shot cross-domain robustness on heterogeneous QA corpora compared
to baseline dual-encoder models?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 9.2/10.

3 Results

12 papers retrieved. 9 claims extracted; 9 independently veri�ed. Quality
review score: 9.2/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Reinforcement learning is the problem faced by
an agent that learns behavior through trial-and-
error interactions with a

✓ 0.38

The work described in the paper has a resem-
blance to work in psychology, but di�ers consid-
erably in the details and in

✓ 0.35

The paper discusses central issues of reinforce-
ment learning, including trading o� exploration
and exploitation.

✓ 0.30

The paper discusses central issues of reinforce-
ment learning, including establishing the foun-
dations of the �eld via Ma

✓ 0.34

The paper discusses central issues of reinforce-
ment learning, including learning from delayed
reinforcement.

✓ 0.26

The paper discusses central issues of reinforce-
ment learning, including constructing empirical
models to accelerate lear

✓ 0.30

The paper discusses central issues of reinforce-
ment learning, including making use of general-
ization and hierarchy.

✓ 0.30

The paper discusses central issues of reinforce-
ment learning, including coping with hidden
state.

✓ 0.27

The paper concludes with a survey of some im-
plemented systems and an assessment of the
practical utility of current meth

✓ 0.36
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