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Abstract

This report synthesises findings from 14 peer-reviewed papers ad-
dressing the following research question: How does instance-adaptive
zero-shot chain-of-thought prompting affect reasoning accuracy on the
GSMS8K benchmark compared to static few-shot chain-of-thought prompts
across different LLM parameter. 13 claims were extracted from source
literature; 2 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
5.5/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Large Language Models are Zero-Shot Reasoners.
Research question: How does instance-adaptive zero-shot chain-of-thought
prompting affect reasoning accuracy on the GSM8K benchmark compared
to static few-shot chain-of-thought prompts across different LLM parameter
scales?.

2 Methodology

Systematic literature search across multiple databases yielded 14 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 5.5/10.

3 Results

14 papers retrieved. 13 claims extracted; 2 independently verified. Quality
review score: 5.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.



5 Extracted Claims

Claim Verified Confidence

Zero-shot-CoT substantially outperforms stan- v 0.16
dard zero-shot prompting on four out of six
arithmetic reasoning tasks: Mult

Zero-shot-CoT outperforms standard zero-shot v 0.15
prompting on all symbolic reasoning tasks

tested.

Zero-shot-CoT outperforms standard zero-shot X 0.13

prompting on all other logical reasoning tasks

from BIG-bench.

On the MultiArith dataset, Zero-shot-CoT X 0.10
achieved an accuracy of 78.7% (or 79.3% with

standard answer prompt), compared

On the GSMSK dataset, Zero-shot-CoT X 0.10
achieved an accuracy of 40.7% (or 40.5% with

standard answer prompt), compared to 10

On the SVAMP dataset, Zero-shot-CoT X 0.07
achieved an accuracy of 62.1% (or 63.7% with

standard answer prompt), compared to 58

On the Coin Flip task, Zero-shot-CoT achieved X 0.10
an accuracy of 91.4% (or 87.8% with standard

answer prompt), compared to 1

On the Last Letter task, Zero-shot-CoT achieved X 0.08
an accuracy of 57.6%, while standard Zero-shot

achieved 0.2%.

On the MultiArith dataset, Few-Shot-CoT with X 0.08
8 samples achieved an accuracy of 93.0%, while

Zero-shot-CoT achieved 78.7%

On the GSM8K dataset, Few-Shot-CoT with 8 X 0.08
samples achieved an accuracy of 48.7%, while

Zero-shot-CoT achieved 40.7%.

The text-davinci-002 model uses fine-tuning X 0.07
data up to June 2021, whereas the text-****-001

model uses data up to Octobe

Experiments with the GPT-3 series were con- X 0.03
ducted using the OpenAl API between April

2022 and May 2022, with exceptions f

In the provided example regarding a juggler and X 0.10
golf balls, the Zero-shot prompt incorrectly out-

putted ’8’, while the Ze
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