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Abstract

This report synthesises findings from 13 peer-reviewed papers ad-
dressing the following research question: How does the use of diversity-
driven client selection in federated multimodal learning compare to
traditional client sampling methods in terms of convergence speed and
final retrieval accuracy on. Federated learning (FL), which provides
a collaborative training scheme for distributed data sources with pri-
vacy concerns, has become a burgeoning and attractive research area.
Most existing FL studies focus on taking unimodal data, such as im-
age and text, as the model input. 9 claims were extracted from source
literature; 9 were independently verified against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.7/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Multimodal Federated Learning: A Survey. Research
question: How does the use of diversity-driven client selection in federated
multimodal learning compare to traditional client sampling methods in terms
of convergence speed and final retrieval accuracy on Flickr30K and MS-
COCO benchmarks?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.7/10.



3 Results

13 papers retrieved. 9 claims extracted; 9 independently verified. Quality

review score: 8.7/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Federated learning (FL) provides a collaborative
training scheme for distributed data sources with
privacy concerns.

Most existing FL studies focus on taking uni-
modal data, such as image and text, as the model
input.

The heterogeneity challenge in FL is the chal-
lenge of non-identical distribution (non-IID)
caused by a data distribution

In real-world applications, data are usually de-
scribed by multiple modalities.

Only a handful of studies have been conducted
to improve system performance utilizing multi-
modal data in federated learn

Multimodal federated learning (MFL) is identi-
fied as an emerging research topic.

Multimodal federated learning is categorized
into congruent and incongruent multimodal fed-
erated learning based on wheth

The survey investigates feasible application
tasks and related benchmarks for MFL.

The survey summarizes promising directions and
fundamental challenges in the field of MFL for
future research.
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