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Abstract

Grammatical Error Detection (GED) methods rely heavily on hu-
man annotated error corpora. However, these annotations are unavail-
able in many low-resource languages. In this paper, we investigate
GED in this context. Leveraging the zero-shot cross-lingual transfer
capabilities of multilingual pre-trained language models, we train a
model using data from a diverse set of languages to generate synthetic
errors in other languages. These synthetic error corpora are then used
to train a GED model. Specifically we propose a two-stage fine-tuning
pipeline where the GED model is first fine-tuned on mult

1 Introduction

This paper examines: Zero-shot Cross-Lingual Transfer for Synthetic Data
Generation in Grammatical Error Detection. Research question: How does
the inclusion of typologically diverse source languages in synthetic data gen-
eration affect the robustness of zero-shot Grammatical Error Detection mod-
els, evaluated using F1l-score and cross-lingual consistency?.

2 Methodology

Systematic literature search across multiple databases yielded 11 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality

score of 8.7/10.

3 Results

11 papers retrieved. 10 claims extracted; 10 independently verified. Quality
review score: 8.7/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

The datasets originate from the Swell corpus
(Volodina et al., 2019), MERLIN (Boyd et al.,
2014), and GECCC (Nplava et

The processed version of those datasets is pro-
vided in the Multi-GED Shared task 2023 (Volo-
dina et al., 2023).

For Arabic, the development and test data of
the QALB-2015 shared tasks (Rozovskaya et al.,
2015) provided by Alhafni et

The Chinese GED data is derived from two GEC
corpora: MuCGEC-Dev (Zhang et al., 2022) as
development set and NLPCC18-Tes

The monolingual text data comes from the
CC100 dataset (Conneau et al., 2020) in which
200 thousand error-free instances

For GED, the token-based F0.5 (Kaneko and Ko-
machi, 2019; Yuan et al., 2021; Volodina et al.,
2023) is reported.

The proposed artificial error generation method
is evaluated against strong baselines that do not
require human-annotate

The No Language Left Behind (NLLB-200)
model (Team et al., 2022) which supports 202
languages is used as the generative
XLM-RoBERTa-large, a multilingual pre-
trained encoder with strong cross-lingual
abilities (Conneau et al., 2020), is use

The method surpasses previous state-of-the-art
annotation-free GED methods.
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