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Abstract

This report synthesises �ndings from 16 peer-reviewed papers ad-
dressing the following research question: How does the integration of
dynamic graph convolutional networks with transformer-based archi-
tectures improve node classi�cation accuracy on heterogeneous graphs
compared to pure GCN baselines, as. Graph Convolutional Networks
(GCNs) are a popular method from graph representation learning that
have proved e�ective for tasks like node classi�cation tasks. Although
typical GCN models focus on classifying nodes within a static graph,
several recent variants propose node. 10 claims were extracted from
source literature; 1 was independently veri�ed against retrieved doc-
uments. An automated multi-reviewer quality assessment produced a
score of 4.5/10. This report is a machine-generated literature synthesis
and does not constitute original research.

1 Introduction

This paper examines: GCN-SE: Attention as Explainability for Node Classi-
�cation in Dynamic Graphs. Research question: How does the integration of
dynamic graph convolutional networks with transformer-based architectures
improve node classi�cation accuracy on heterogeneous graphs compared to
pure GCN baselines, as measured by accuracy and F1-score on OGBN-MAG
and OGBN-Proteins benchmarks?.

2 Methodology

Systematic literature search across multiple databases yielded 16 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 4.5/10.
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3 Results

16 papers retrieved. 10 claims extracted; 1 independently veri�ed. Quality
review score: 4.5/10.

4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Aggregation methods permit an easy translation
of prediction methods for static graphs to dy-
namic graphs.

× 0.08

The accuracy drop is visibly correlated with the
learned attention.

× 0.03

Under the exponential decay assumption, there
is no obvious correlation between the explained
importance and the perturb

× 0.04

The correlations are slightly negative across all
datasets, indicating that these weights are not
indicative of the di�

× 0.11

The GCN-SE attention weights are correlated
with the importance of each graph snapshot.

✓ 0.21

Proper classi�cation methods should discover
and exploit such temporal patterns in predict-
ing node labels.

× 0.05

Several prior works on node classi�cation have
attempted to address these challenges by craft-
ing a summary of the graph

× 0.07

Some prior work has proposed deep learning
methods to learn �exible models.

× 0.07

Many of these black-box methods do not pro-
vide much insight into which features or tempo-
ral patterns they are exploiting

× 0.03

Prior works that attempt to provide insights gen-
erally use some form of attention.

× 0.03
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