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Abstract

This report synthesises �ndings from 14 peer-reviewed papers ad-
dressing the following research question: How does the �ne-tuning of
Baichuan-2 on in-domain legal datasets compare to biomedical datasets
in terms of TruthfulQA alignment scores and reasoning accuracy on the
HellaSwag benchmark. Large language models (LLMs) have demon-
strated remarkable capabilities across a broad spectrum of tasks. They
have attracted signi�cant attention and been deployed in numerous
downstream applications. 7 claims were extracted from source lit-
erature; 7 were independently veri�ed against retrieved documents.
An automated multi-reviewer quality assessment produced a score of
8.0/10. This report is a machine-generated literature synthesis and
does not constitute original research.

1 Introduction

This paper examines: Evaluating Large Language Models: A Comprehen-
sive Survey. Research question: How does the �ne-tuning of Baichuan-2 on
in-domain legal datasets compare to biomedical datasets in terms of Truth-
fulQA alignment scores and reasoning accuracy on the HellaSwag bench-
mark?.

2 Methodology

Systematic literature search across multiple databases yielded 14 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.0/10.

3 Results

14 papers retrieved. 7 claims extracted; 7 independently veri�ed. Quality
review score: 8.0/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

Large language models (LLMs) have demon-
strated capabilities across a broad spectrum of
tasks.

✓ 0.20

LLMs have been deployed in numerous down-
stream applications.

✓ 0.16

LLMs present potential risks including private
data leaks.

✓ 0.18

LLMs can yield inappropriate, harmful, or mis-
leading content.

✓ 0.18

The survey categorizes LLM evaluation into
three major groups: knowledge and capability
evaluation, alignment evaluation

✓ 0.24

The survey collates a compendium of evaluations
pertaining to LLMs' performance in specialized
domains.

✓ 0.20

The survey discusses the construction of com-
prehensive evaluation platforms covering capa-
bilities, alignment, safety, an

✓ 0.23
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