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Abstract

This report synthesises findings from 10 peer-reviewed papers ad-
dressing the following research question: Does integrating causal syn-
thetic text descriptions during CLIP fine-tuning improve cross-domain
few-shot classification accuracy compared to non-causal text augmen-
tation on DomainNet. 10 claims were extracted from source literature;
9 were independently verified against retrieved documents. An auto-
mated multi-reviewer quality assessment produced a score of 8.3/10.
This report is a machine-generated literature synthesis and does not
constitute original research.

1 Introduction

This paper examines: CLAP: Isolating Content from Style through Con-
trastive Learning with Augmented Prompts. Research question: Does inte-
grating causal synthetic text descriptions during CLIP fine-tuning improve
cross-domain few-shot classification accuracy compared to non-causal text
augmentation on DomainNet?.

2 Methodology

Systematic literature search across multiple databases yielded 10 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.3/10.

3 Results

10 papers retrieved. 10 claims extracted; 9 independently verified. Quality
review score: 8.3/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Contrastive vision-language models like CLIP
learn features that blend content and style in-
formation.

The blending of content and style information
in CLIP limits generalization capabilities under
distribution shifts.

The proposed method adopts a causal generative
perspective for multimodal data.

The proposed method uses contrastive learning
with data augmentation to disentangle content
features from original repre

The method integrates image augmentation
techniques into pre-trained CLIP-like models to
extract pure content features.

The method explores text augmentation to iso-
late latent content from style features.

The proposed method enables CLIP-like model
encoders to concentrate on latent content infor-
mation.

Experiments across diverse datasets demon-
strate significant improvements in zero-shot clas-
sification tasks.

Experiments across diverse datasets demon-
strate significant improvements in few-shot clas-
sification tasks.

The proposed method demonstrates enhanced
robustness to various perturbations.
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